Gene fusions and their products (RNA and protein) were once thought to be unique features to cancer. However, chimeric RNAs can also be found in normal cells. Here, we performed, curated and analyzed nearly 300 RNA-Seq libraries covering 30 different non-neoplastic human tissues and cells as well as 15 mouse tissues. A large number of fusion transcripts were found. Most fusions were detected only once, while 291 were seen in more than one sample. We focused on the recurrent fusions and performed RNA and protein level validations on a subset. We characterized these fusions based on various features of the fusions, and their parental genes. They tend to be expressed at higher levels relative to their parental genes than the non-recurrent ones. Over half of the recurrent fusions involve neighboring genes transcribing in the same direction. A few sequence motifs were found enriched close to the fusion junction sites. We performed functional analyses on a few widely expressed fusions, and found that silencing them resulted in dramatic reduction in normal cell growth and/or motility. Most chimeras use canonical splicing sites, thus are likely products of 'intergenic splicing'. We also explored the implications of these non-pathological fusions in cancer and in evolution.
INTRODUCTION
Genes and their encoded products (RNAs and proteins), are not expected to intermingle except in pathological situations, i.e. cancer. This conventional wisdom is further supported by a group of fusion genes that have been successfully used as cancer diagnostic markers and therapeutic targets (1, 2) . On the other hand, RNA-Sequencing analyses from normal margins of cancer patients revealed that fusion RNAs can also exist in histologically non-neoplasia tissues (3) (4) (5) (6) . However, because of the nature of the samples, it is not clear whether the detected fusion RNAs truly exist in non-cancer patients. A few isolated studies have reported the existence of fusion RNAs in non-pathological situations (3, (7) (8) (9) . Recently, a database is established to incorporate 29 000 chimeric RNAs data-mined from Genbank and other RNA collections. However, the validation for the vast number of fusions is limited to RNA-Seq reads for only a few cell lines (10) . Due to the lack of validation and functional relevance, the chimeras in non-cancer situations have been viewed largely as 'junks', or transcription noise. In fact, some other studies have also attributed many chimeras to template switching by reverse transcriptase during cDNA preparation in vitro (11, 12) , raising questions about whether these chimeras are truly real.
We performed, curated and analyzed around 300 RNA sequencing libraries covering 27 different non-neoplastic human tissues, 15 mouse tissues, human embryonic stem cells, mesenchymal stem cells induced for muscle differentiation and MCF10A breast epithelial cells. Over 10 000 fusion events involving 9778 fusions were found in these noncancer samples. The majority of the fusions are seen in only one tissue/cell sample. To minimize false discoveries due to library construction and sequencing errors, and to uncover recurrent fusion RNAs, we focused on the group of fusions that are present in more than one tissue/cell line. A total of 291 recurrent fusions involving 238 gene pairs were found. We used several approaches to validate sub-populations of the fusions at RNA and protein levels. Fusions are then characterized according to their parental genes' chromosomal location, junction position relative to exons, expression level, 3 UTR size and the fusions' protein-coding potential. A few fusions that are widely expressed seem to serve basic cell maintenance roles. Most of the recurrent fusions use canonical splicing sites, are thus likely to be products of cis-splicing between neighboring genes or RNA transsplicing. When focused on evolutionarily conserved recurrent fusions, we found only a small overlap between the fusion RNA profiles of human and mouse, suggesting that forming chimeric fusion RNAs may be a way to expand functional genome. We also found some overlaps between the normal fusion pool and documented fusions in cancer, raising questions about their cancer-specificity.
MATERIALS AND METHODS

Cell lines and culture conditions
Mesenchymal stem cells were obtained from the Tulane University Center for Gene Therapy. They were maintained in MEM alpha medium with 20% fetal bovine serum (FBS). RWPE1 cells were maintained in RPMI 1640 medium containing 10% of FBS. Primary endometrial stromal fibroblasts and foreskin fibroblasts were maintained in DMEM with 10% FBS. Immortalized astrocytes were maintained in DMEM/F12 with 10% FBS, and supplemented with glucose. All the above media were supplemented with 1% of pen-strep and 1% of L-Glutamine. MCF10A cells were grown in DMEM/F12 supplemented with 5% horse serum, EGF, hydrocortisone, cholera toxin and insulin, as described before (13) . For wound healing assay, cells transfected with si-negative control, or siRNAs against tested fusions were cultured for 3 days to obtain 80-90% monolayer confluency. A wound was created by scraping the cells using a 10 l plastic pipette tip, and the medium was replaced with fresh medium. Images were captured immediately after the scratch and 6 h later. Cell migration was qualitatively assessed by the size of the wounds at the end of the experiment.
Clinical samples
Different tissues from non-cancer donors were collected under approved IRB protocol through the Biorepository and Tissue Research Facility at the University of Virginia, USA.
RNA extraction and sequencing
Different primary tissues were first homogenized with mortar-pestle grinding in the presence of liquid N2. RNAs were extracted with TRIzol reagent (Life Technologies) following the manufacturer's instruction. mRNA from total RNA was used as template for the subsequent validation processes. To assure the high quality RNA for next generation sequencing, RNAs were further cleaned using the RNeasy kit (Qiagen). mRNA in total RNA was converted into a library of template molecules suitable for subsequent cluster generation using the reagents provided in the Illumina TruSeq TM RNA Sample Preparation Kit. Millions of unique clusters on flow cells were loaded into the Hiseq 2000 platform and processed for RNA sequencing. RNA sequencing was performed by Axeq of Macrogen.
RT-PCR and Sanger sequencing
The presence of fusions candidates generated by the SOAPfuse algorithm from analyzed RNA-Seq data were confirmed by RT-PCR. All of the RNA samples used in this study were treated with DNase I (NEB, M0303), followed by standard Reverse Transcription using AMV RT (NEB, M0277). Real-time PCR experiment was performed using the ABI StepOne Plus system (Life Technologies) with Absolue Blue QPCR mix (Thermal Fisher, AB-4322). Following RT-PCR and gel electrophoresis, all purified bands were submitted for sequencing.
RNAi
siRNAs were synthesized by Life Technology. Their targeting sequences are: si-negative, CGTACGCGGAAT-ACTTCGA; siCTNNBIP1, GGAAGAGTCCGGAGGA-GAT; siCTNNBIP1-CLSTN1, TGCTTGTTAACCTG-GTCGA; and siCTBS-GNG5, ATAACTATAAAGTTTC-CCA.
Bioinformatics analysis
Chimeric RNA identification: Deep sequencing data were mapped to Human genome version hg19 and analyzed using software SOAPfuse (14) . The output generated from multiple SOAPfuse running is represented by putative fusions lists derived from the union of two parental genes. These fusions were analyzed either in the context of one tissue or, per assemble, for the whole human organism. The fusion landscapes, by tissue, were presented using Circos generated plots (15) .
Chimeric peptide identification: The files containing putative nucleotide fusion sequences generated through each RNA-Seq data analysis were unified and the three-frame translation of the sequences was created. The amino acid sequences underwent further processing by performing an in silico tryptic digestion. Out of all pieces generated through digestion only the pieces that position over the bridge between the two parental genes, and with a length longer than 20 amino acids on each side were retained. These were our input for the MS identification.
Motif finding: The MEME motif discovery tool, GLAM2 was run on four sets of data in total, categorized by the following distinctions: 5 /3 genes, and upstream/downstream of fusion junction. The motifs presented are the highest scoring for each data set.
Mass spectrometry identification/validation for chimeric peptides
For MCF10A LCMS validation, the protein extract was denatured with urea (8 M), reduced with DTT (4.5 mM, 1 h, 60
• C), diluted 1:10 with NH 4 HCO 3 (50 mM) and digested with trypsin at a substrate:enzyme ratio of 50:1 w/w (24 h, 37
• C). The digest was quenched with glacial acetic acid and subjected to C-18/SCX clean-up for salt removal. Ultimately, the protein digest was re-suspended in CH 3 CN/H 2 O/TFA (5:95:0.01) at a concentration of 2 g/l, and subjected to liquid chromatography (LC)-mass spectrometry (MS) analysis using an Agilent 1100 micro-LC system (Palo Alto, CA, USA) interfaced to a Thermo LTQ mass spectrometer (San Jose, CA, USA). LC separations were performed on nano-LC columns (100 m i.d. The LTQ-MS was operated using a data-dependent acquisition method, each MS scan being followed by zoom/MS 2 scans on the five most intense peaks. The Discoverer 1.4 software package (Thermo) was used for the interpretation of tandem mass spectra using a UniProt database downloaded on Jan 15, 2015 (∼21 000 entries) appended with MCF10A fusion in silico translated sequences. Only fully tryptic fragments were allowed in the search (maximum two missed tryptic cleavages), using mass tolerances of 2 Da and 1 Da, at the MS and MS 2 levels, respectively. False Discovery Rates (FDRs) (<3%) were evaluated by using a forwardreverse human protein database.
Visualization
For the heat map generation and clustering, MultiExperimentViewer (MeV) software, a component of the TM4 suite, was used. MeV is an open source Java application and is hosted at SourceForge (17) . The method used was hierarchical clustering with complete linkage as the agglomeration rule. Pearson correlation coefficient was used to measure the similarities between gene profiles and Spearman rank to measure the similarity between samples.
Statistical analysis
The level of statistical significance was set at P < 0.05. Independent paired t-test and Pearson's correlation coefficient were used for different data sets to test for group differences. Fisher's Exact test was used for calculating statistical significance between the differences of in-frame versus frame-shift chimeric peptides.
Data access
The accession numbers of the 27 normal tissues, ESC, MSC, MCF10A and mouse tissue data sets from different donors are listed in Supplementary Table S1 .
RESULTS
Chimeric transcriptome
We attempted to capture chimeric fusion RNAs in various non-cancer samples. We also wanted to uncover 'normal' chimeric RNAs that were reported before in cancer samples. Suspecting that some of the chimeras may be developmentally transient events, we included data sets from embryonic stem cells, and from time points along the mesenchymal stem cell differentiation process. Finally, for the ease of MS validation, we included a non-malignant breast epithelial cell line, MCF10A (Supplementary Table S1 ). For human, we used the SOAPfuse software (14) to analyze 210 pairedend RNA sequencing libraries from 171 non-neoplastic tissue samples covering 27 different tissues (18) , embryonic stem cells (19) , our own libraries of four muscle differentiation time points starting from human mesenchymal stem cells and MCF10A sequencing from different labs (20) (21) (22) ( Figure 1A ). Contradictory to the conventional wisdom that chimeric RNAs are rare events in non-cancer samples, a total of 11 531 candidate chimeric RNA fusion events, and 9778 candidate fusion transcripts were uncovered (Table 1)  (Supplementary Table S2 ). This involves 4408 gene pairs, 1536 genes as the 5 portion of the fusions, 1578 as the 3 portion.
Fusion RNA profiles in each tissue or cell type were very different, with some tissues having only a few events (adipose tissue), and some having hundreds (pancreas and salivary gland) ( Figure 1B ). The majority of the fusions were seen once, while about 10% of fusions were seen in more than one sample (Supplementary Figure S1 ). To minimize false discoveries due to library construction and sequencing errors, and to uncover recurrent fusion RNAs, we decided to focus on the fusions that are detected in more than one sample. In total, there are 291 recurrent fusions involving 238 gene pairs. A total of 433 genes participate in forming these fusion transcripts ( Figure 1C ) (Supplementary Table  S3 ). Out of the 238 gene pairs in the recurrent group, 51 were found in more than 5 tissues (Supplementary Figure  S1 and Table S4 ). For instance, CTBS-GNG5 was found in 70 samples from 15 different tissues and cell lines by RNA-Sequencing. TIMM23B-LINC00843 was observed in 26 different tissues and cell lines.
Validation
Candidate fusions unique to one tissue or cell type had lower validation rates, presumably due to the difference in sample source, heterogeneity of tissues and variable factors involved in cell culture. Nonetheless, many tissue specific fusions were validated in various types of tissues by RT-PCR and Sanger sequencing (two examples in Figure 2A) . We also used the same RNA samples that were processed for sequencing MSC muscle differentiation time points, randomly selected 40 candidate fusion transcripts and successfully validated 30 fusions by RT-PCR and traditional Sanger sequencing (two examples in Figure 2B ). We reasoned that the fusion candidates found in multiple tissue/cell types should have a higher chance of being detected when a different samples were used for validation. Indeed, 30 out of 35 randomly selected such fusions were confirmed by RT-PCR and Sanger sequencing (four examples in Figure 2C ).
To provide more support for the existence of the chimeric RNA and potential protein products, we performed in silico translation around the fusion junction sequence in three reading frames. We then filtered off the putative peptides, if either side of the junction reached a stop codon, resulting peptides with less than 20 amino acids. Since most MS experiments were conducted with samples digested with trypsin, we performed an in silico tryptic digestion of the putative fusion peptides to the nearest Lysine (K) or Arginine (R) from the junction points (Supplementary Figure  S2) . We then used LCMS to validate the predicted recurrent chimeric fusion peptides in MCF10A cells. Out of the list of 291 recurrent fusion RNAs, 40 were also found in MCF10A. LC-MS analysis enabled the identification of matches to 8 chimeric peptide sequences that span across Table S5 ). Two of the best hits are shown in Figure 2D . We also used traditional Western blot analyses to confirm two fusions that were predicted to generate in-frame fusion proteins. For CTBS-GNG5, we were able to obtain one antibody against the N-terminal of CTBS, and two antibodies against the C-terminal of GNG5. In all three Western blots, we found the same band that was the correct predicted size for the fusion protein ( Figure 2E ). For CTNNBIP1-CLSTN1, only the antibody against Cterminal CLSTN1 is available. We thus designed one siRNA targeting the CTNNBIP1 5 part which silenced both the wild-type CTNNBIP1 and the CTNNBIP1-CLSTN1 fusion transcripts, and one siRNA targeting the fusion (Figure 2F) . Consistent with the reduction of the fusion transcript, the signal at the predicted protein size in Western blot analysis was also reduced when cells were transfected with these two siRNAs ( Figure 2G ).
Characterizing the recurrent fusion RNAs
We then characterized the fusions according to the chromosomal locations of their parental genes: parental genes located on different chromosomes (INTERCHR), neighboring genes transcribing the same strand (INTRACHR-SS-0GAP) and other fusions with parental genes on the same chromosome (INTRACHR-OTHER). INTRACHR-SS-0GAP is the biggest group (58%) in these recurrent fusions ( Figure 3A) .
The overall distribution of fusion-forming genes to individual chromosome correlated with the total gene numbers on each chromosome (Pearson's correlation r(22) = 0.82, P < 0.001 ( Figure 3B ). The correlation became even stronger (Pearson's correlation r(22) = 0.93, P < 0.001 0.93), when we examined the density of fusion parental genes against the density of genes on each chromosome ( Supplementary Figure S3) . This observation suggests that the fusion-forming genes are distributed throughout the genome similarly to other genes.
We examined the expression levels of the fusion RNAs against those of parental genes. When we looked at all the 9778 candidate fusions, we found that they tend to be expressed at lower levels relative to their parental genes (Figure 3C) . Less than 20% of fusions were expressed above 10% of the level of their parental genes. However, when we focused on the recurrent fusions, they are expressed at a significantly higher levels. Around 40% (relative to 5 parental) or 30% (relative to 3 parental) were expressed above 50% of the level of their parental genes.
Since most fusions will result in replacement of 3 UTR of the upstream parental gene with the downstream parental gene, we wondered whether the fusion formation could be a mechanism to escape, or acquire additional regulation by microRNAs (mRNAs). We used the length of 3 UTR as a proxy. Overall, no statistical difference was observed between 5 genes and 3 genes (P = 0.23). However, both groups had significantly shorter 3 UTR than an average gene in the genome (5 versus hg19, P = 2.3E-23; 3 versus hg19, p = 1.4E-39) ( Figure 3D ).
We searched gene ontology terms for the parental genes using Gorilla (23) . In contrast to the tissue-specific fusions, where we found over 300 enriched GO terms (P < 0.001), around 20 GO terms were found for both 5 and 3 parental genes of the recurrent fusions ( Figure 3E ) (Supplementary Table S6 ). A few terms related to 'response to cold' and 'cell movement' are found unique to the recurrent fusions.
To probe into the generating mechanism of the fusion RNAs, we subdivided the fusions according to the junction position relative to the exon of the parental genes (Supplementary Figure S4 ): both sides being known exon boundaries (E/E); one side being exon boundary, the other not (E/M or M/E); both sides falling into the middle of exons (M/M). Consistent with an intergenic splicing mechanism, the biggest portion in these recurrent fusions are E/E fusions ( Figure 4A ). For the M/M fusions not using canonical splicing sites, it is possible that they are artifacts due to template switching during reverse transcription and sequencing steps mediated by short homologous sequences (SHS) (24) . We searched for such homologous sequences shared by the fragments of parental genes around the junction sites in the 61 M/M fusions. Twenty percent of the fusions have no such SHS at the junction, thus potentially are true fusions utilizing non-canonical splicing sites. Forty two percent of the M/M fusions have SHS over 5 base pairs long. Thirty eight percent have 1-5 bp homologous sequences between the two fragments (Supplementary Figure S5) . Considering the potential false positives associated with M/M fusions, we reexamined some of characterizations of the fusions. The 3 UTR size difference between the parental genes and the whole genome as well as the enriched GO terms, still persist, even when we eliminated the M/M fusions.
We obtained 200 bp sequences upstream and downstream of fusion junction sites of both 5 and 3 parental genes. We then use the MEME motif discovery tool, Gapped Local Alignment, to look for sequence motifs enriched in these fragments. We didn't include the M/M fusions for this analysis to avoid potential influence of homologous recombination. The motifs presented in Figure 4B are the ones with the highest scoring for each data set. We then used the Tomtom motif comparison tool to search for RNA-binding protein motifs reported in RBP compendium (25) . Using P = 0.001 as cut off, we found one RNA-binding motif similar to the 5 upstream motif (SRSF9), and five similar to the Figure 4C ). Among these RNA binding proteins, SRSF9 is known to play a role in exon inclusion (26) . Polypyrimidine tract-binding protein (PTBP1), also known as heterogeneous nuclear ribonucleoprotein type I (hnRNP I), has been implicated in pre-mRNA splicing (27) . SART3, also known as TIP110, has been found to interact with U6 and U6/U4 snRNPs (28) . PABPC1 is a poly(A)-binding protein (PABP). It is found complexed to the 3-prime poly(A) tail of eukaryotic mRNA, and is required for poly(A) shortening and translation initiation (29) . How these factors may contribute to potential intergenic splicing is not clear. We also searched for known sequence motifs in the JASPAR Vertebrates and UniPROBE Mouse databases. Five known motifs similar to the 5 downstream motif (PPARG::RXRA, ESR2, NR3C1, LEF1 and ASCL2), and one known motif similar to the 3 upstream motif (MTF1) were found (Supplementary Figure S6) .
Functional relevance
We categorized the fusions according to the reading frames: the known protein coding sequence of the 3 gene uses a different reading frame than the 5 gene (frame-shift); the known reading frame of the 3 gene is the same as the 5 gene (in-frame); no effect on the reading frame of the parental genes (NA). NA could occur when the fusion junction falls into the 3 UTR of the 3 parental gene, or no known protein coding sequence for the 3 gene, or the 5 part of the fusion will not affect the CDS of the 3 gene; a very small population of fusions fell into the 'both' category, which could be in-frame or frame-shift depending on the alternative splicing isoforms of the parental genes. About 70% of all the fusions fell into the NA category ( Figure 5A ).
The fact that some of the fusions were found in multiple tissues and cell types, supports the possibility that they may play some basic cellular maintenance roles. We chose two such candidates that belong to the 'in-frame' category for further functional study. Using RT-PCR, we could detect CTBS-GNG5 in nearly all of the tissues and cell lines we tested ( Figure 5B ). It was also found by RNA-Sequencing of cancer cells and seems to be conserved in mouse (30) (31) (32) . CTBS encodes chitobiase; GNG5 encodes the di-N-acetylbinding and guanine-nucleotide-binding proteins. The fusion creates an in-frame chimeric protein, which contains the chitinase catalytic domain from CTBS and most of the C-terminal GNG5, including its G␤-binding interface. We designed an siRNA that specifically silenced the fusion transcript ( Figure 5C and E). In two non-neoplastic cell lines we tested, we observed a significant reduction in cell growth and motility ( Figure 5D and F) .
Similarly, CTNNBIP1-CLSTN1 was detected in 9 out of 14 samples we tested. CTNNBIP1 encodes Beta-CateninInteracting Protein I. CLSTN1, also called CadherinRelated Family Member 12, encodes Calsyntenin 1. The fusion contains the first 62 amino acids of the ICAT domain from CTNNBIP1, and the majority of CLSTN1 proteins. Transfection of an siRNA targeting specifically the fusion in immortalized astrocyte cells (wild-type CLSTN1 was undetectable) ( Figure 5G ) also resulted in significant reduction in cell growth and cell motility ( Figure 5H ).
Conservation and cancer implications
We then obtained 81 RNA-Sequencing libraries covering 15 different mouse tissue types. Using the same pipeline, we found 210 recurrent fusions, involving 111 pairs of mouse genes. The distribution of the fusions is similar to that in humans, with 41% of fusions being INTRACHR-SS-0GAP ( Figure 6A ). The percent of E/E fusions was less than that in human, only 19% ( Figure 6B ). Of interest, only three recurrent fusions were found in both human and mouse samples by RNA-Sequencing ( Figure 6C ) (Supplementary Table S7).
Given that many cancers arise by the dysregulated recapitulation of processes in normal development, we hypothesized that comparable chimeric fusions may exist in normal cells. Table S8 ). The fact that these fusions are present in non-neoplastic samples raised concerns for their potential as biomarkers. Of note, all of these 13 fusions were recently discovered through deepsequencing approaches, and none are signature fusions that have been experimentally validated as cancer-driving events (3) . However, that is not to say that 'cancer-signature' fusion do not exist in normal cells. Such fusions may be tissue/cell lineage specific, and may only be transiently expressed during development, as demonstrated before (8) .
We also performed gene ontology term analysis for the parental genes using Gorilla (23) . For this analysis, we grouped parental genes that are only involved in 'noncancer' fusion, genes that are only involved in 'cancer' fusions listed on the Mitelman list, and genes involved in both (Supplementary Table S9 ). Interestingly, the top GO terms for 'non-cancer' fusion genes are related to protein targeting, top terms for 'cancer' fusions are positive regulations related to cell proliferation and top terms for 'both' are more related to basic cell process.
DISCUSSION
Profiling fusion RNAs in normal tissues and cells have important implications in basic biology, evolution, cancer diagnosis and treatment. Human and other primates are known to have about twice as much alternative splicing as mice (38) . We also found many more chimeric RNAs in humans than in mice, and the two species share only a few common fusions. Given the over 95% similarity between mouse and human genome, forming chimeric transcripts may be another way to expand functional genome, in addition to alternative splicing.
Gene fusions generated by recurrent chromosomal rearrangement is considered one of the hallmarks of neoplasia. Like fingerprints, the fusions and their products are of- ten the signatures of distinctive types of tumors and tend to be also driver mutations for those tumors (1-2,39-41). Ever since the discovery of Philadelphia chromosome and BCR-ABL fusion, gene fusions have been heavily sought after. With many efforts devoted to data mining the Cancer Genome Atlas and other large cancer data sets, the fusion RNAs we identified in the normal samples should be considered 'background' and subtracted for cancer-specific fusion discovery. On the flip side, it is likely that at least some previously believed cancer-specific fusions do happen during development or specific physiological conditions, but may be products of intergenic splicing instead of chromosomal rearrangement. Indeed, certain cancer-signature fusions have been identified transiently during stem cell differentiation (8) .
The pool of fusions identified through current RNA-Seq is far from saturation. In addition, the majority of fusions tend to exist in unique tissues and cell types, and are expressed at relatively low levels. SOAPfuse software was selected in this study because of its high validation rate (42) . This choice is further supported by a recent study, when 15 popular fusion-mining tools were compared (43) . However, none of the current software tools is inclusive. In fact, we found small overlaps between six most commonly used tools (manuscript under review). All of these factors will lead to an underestimate of the total number of fusions existing in various types of tissues and cells. Many more fusions may be uncovered by deeper sequencing reads, more sensitive fusion-mining software, enrichment of target cells and unbiased collection of time points throughout developmental processes. On the other hand, we cannot completely filter out the false positives generated during the process of cDNA library construction, sequencing and data mining. In this study, we purposely selected recurrent fusions to minimize false discoveries. However, we should not ignore all the 'rare' fusions. In fact, a large number of individualized fusions are consistent with a recent GTEx study, where many alternative splicing variants were observed inter-individually (44) .
Instead of being 'junk' or 'transcriptional noise', at least a subset of the chimeric RNAs are functional. Some will translate into chimeric proteins, evidenced by MS and Western blot analyses. The further use of sensitive, high massaccuracy instrumentation could lead to discovery of more chimeric proteins and more unambiguous assignment of matched sequences. Besides the in-frame fusions, a large population of fusions may function as non-coding RNAs. Supporting this idea, a recent study identified over 58 000 transcripts as long non-coding RNAs (45) . Furthermore, a large portion of fusions will have no new function, but only affect parental gene expression. High throughput approaches are needed to study the functions of this large number of fusions.
A subpopulation of M/M fusions could be artifacts produced by short homologous sequences, but they could also be the products of non-allelic homologous recombination happening at the DNA level, as maybe in the case of globin genes (46) . The INTRACHR-SS-0GAP fusions are most likely the products of read through/cis-SAGe (cis-splicing between adjacent genes) (31, 42, 47) . We suspect that the rest of interchromosomal and other intrachromosomal fusions are the products of RNA trans-splicing (48) (49) (50) . They are unlikely the products of chromosomal rearrangement, since the samples are all non-neoplastic tissues or cells. However, each fusion has to be examined individually to formally rule out the possibility of chromosomal rearrangement.
In conclusion, fusion RNAs in non-cancer tissues and cells are widely spread. They are not unique features of cancer. At least some of the fusions are functional. Evolutionally, human and mouse share a few common fusions, suggesting that forming fusion RNAs may be means to expand the repertoire of functional genome. Some fusions previously reported in cancer are not cancer-specific. More efforts are needed to study the functions and mechanisms of these physiological fusion transcripts.
ACCESSION NUMBER
Raw and processed RNA sequencing data for MSC muscle differentiation are available at GEO (http://www.ncbi.nlm. nih.gov/geo/) under accession number GSE64032.
